Monte Carlo Simulation of Uncertainties in Epidemiological Studies:
An Example of False-Positive Findings due to Misclassification
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2 False-positive results in case-control studies

The 95% confidence intervals for the Risk Ratios (RR)
reported in epidemiological studies reflect only sampling
errors and do not include uncertainty caused by
misclassification and confounding. Analysis of
uncertainties in epidemiological studies can be improved
using Monte Carlo simulations. For case-control studies,
we show how diflerential misclass@cation of exposure
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